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Abstract. The increasing use of social networks has made platforms like RED-
DIT spaces for discussing sensitive topics without fear of judgment. This paper
presents BrStudentMH, a dataset comprising 943 mental health-related posts
and 15,680 comments in Brazilian Portuguese, collected from Brazilian higher
education-related subreddits. The data were obtained through the REDDIT API
and processed in a pipeline consisting of collection, categorization using Large
Language Models, and pseudonymization. Its application is expected across
various fields, providing insights into the mental health of Brazilian university
students and contributing to the development of support and treatment policies.

1. Introduction
The preservation of mental health is increasingly recognized as a foundational pillar for
human development and global well-being, particularly during the transition into adult-
hood [Guthold et al. 2023]. Within the academic environment, the psychological pressure
associated with rigorous performance expectations, social competition, and the pursuit of
professional certification has led to a significant rise in mental health issues among uni-
versity students [Li et al. 2025]. Research indicates that these students face a higher risk
of developing mental health challenges — specifically depression, anxiety, and stress —–
when compared to their non-student peers [Voss et al. 2023]. In this high-pressure con-
text, positive social connectivity significantly helps university students mitigate these psy-
chological burdens and improves their overall academic persistence [Ruihua et al. 2025].

To find this necessary support, many university students have turned to digital
spaces like REDDIT, which functions as a social tool where individuals can share ex-
periences and seek advice within specialized communities. Considering the Brazilian
context, students frequently utilize REDDIT to share personal experiences, exchange ad-
vice, and pose questions regarding the specific challenges of the academic environment.
The anonymity provided by platforms like this fosters a greater sense of confidence among
users, encouraging them to disclose intimate opinions, personal experiences, and sensitive
advice that they might otherwise withhold in non-anonymous settings [Croes et al. 2024].

However, despite the richness of this spontaneous data for sentiment analysis
and mental health research, there is a notable absence of organized, publicly accessible
datasets that focus on the Brazilian academic environment. Most existing resources are
either English-centric or lack the domain-specific labels required to categorize academic-
related mental health discourse.
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To address this scarcity, this paper presents BrStudentMH, a novel dataset cu-
rated to reflect the discourse on mental health within the Brazilian academic sphere.
The construction of this resource followed a streamlined multi-stage pipeline: (i) ex-
traction, where the REDDIT API was used to collect data from a targeted selection
of academic-related Brazilian subreddits; (ii) categorization, involving Large Language
Models (LLMs) to classify and validate the contents of the posts; and (iii) pseudonymiza-
tion, where sensitive data is removed to ensure the privacy of each user on the platform.
The resulting dataset comprises 943 posts and 15,680 comments in Brazilian Portuguese
(PT-BR), featuring a relational identification system that pairs each post with its respective
comments to ensure full traceability and organization.

2. Related works
Due to the growing interest in mental health analysis, several studies have been proposed
to support research in this domain. In this context, the availability of structured datasets on
mental health conditions has become an important foundation for enabling and advancing
future investigations. For example, the BrSuicides dataset [Klann and Sousa 2024]
provides a dataset derived from DATASUS records, which underwent cleaning, prepro-
cessing, and enrichment procedures to support analyses of suicide cases in Brazil.

As a source of mental health-related information, social media platforms stand out
due to the amount of user-generated content, such as posts, comments, and discussions.
The study of [Coppersmith et al. 2015] exemplifies how social media content can be used
to construct mental health datasets. The authors extend previous work by extracting data
based on self-reported diagnoses from TWITTER (now called X) and compiling a large-
scale dataset encompassing a wide range of conditions.

In the Brazilian Portuguese context, SetembroBR [Santos et al. 2023] compiles
data from TWITTER into two distinct datasets to support the development of depression
and anxiety detection models. Similarly, data from the YAHOO! ANSWERS platform were
used to construct the Depress-pt-br dataset [da Silva Nascimento et al. 2018]. This
dataset consists of textual interactions categorized into depressive and non-depressive in-
stances, aiming to identify linguistic patterns and behavioral signals associated with de-
pression. Despite the historical value, platforms such as YAHOO! ANSWERS have been
discontinued, and the short-form nature of tweets limits the depth of content analysis.

To capture longer, more introspective, and anonymized user discourses, re-
searchers have increasingly turned to REDDIT. The SMHD (Self-Reported
Mental Health Diagnoses) dataset, for instance, was introduced using RED-
DIT posts from individuals who self-report one or more mental health conditions,
paired with a control group of users with no evidence of mental health-related con-
tent [Cohan et al. 2018]. However, the focus is on exploring online language usage across
multiple mental health conditions in English. Furthermore, Dreaddit was presented as
a text corpus for the identification of stress in social media content, consisting of posts
from different categories of REDDIT communities [Turcan and McKeown 2019].

Further exploring the English-language context on REDDIT, the Reddit
Mental Health Dataset was proposed to evaluate the impact of the COVID-19
pandemic across various subreddits using natural language processing and topic model-
ing techniques [Low et al. 2020]. Similarly, a distinct dataset was constructed from men-

Proceedings of the VIII Dataset Showcase Workshop (DSW) September 2026 – São Carlos, SP, Brazil

49



2024

<ELEMENT_NAME>

CPF

Undergraduation Graduation

Admited Applicant

r/USP

r/faculdadeBR

r/askacademico

KeywordsAPI

DeepSeek
Filter

4,811 Posts 943 Posts 943 Posts

(A) Data collection
(B) Mental health

categorizarion and
validation

Majority
vote

if
ties

943 Posts; 15680 Comments

(D) Pseudonymization of
posts and comments

Rule-Based (Regex)

Semantic Identification (NER)

@
E-mail Number Mention

Link CPF CEP

Name Address Organization

Majority
vote

if
ties

(C) Academic level
categorizarion and

validation

Figure 1. Proposed pipeline. (A) Data collection. (B) Mental health categoriza-
tion and validation. (C) Academic level categorization and validation. (D)
Pseudonymization of posts and comments.

tal health-focused subreddits by annotating posts into severity levels (absent, moderate,
or severe) to train machine learning classifiers [Sampath and Durairaj 2022]. While these
datasets demonstrate the effectiveness of REDDIT for text mining, their restriction to the
English language and to general audiences limits their use in more specific contexts.

To address the linguistic gap and leverage the advantages of forum-based discus-
sions in Brazilian Portuguese, recent efforts have begun to explore REDDIT communi-
ties in Brazil, although the number of available datasets remains limited. For instance,
DepreRedditBR was introduced as a dataset of depressive posts in Portuguese col-
lected from REDDIT [Herculano et al. 2024]. Unlike approaches that rely solely on self-
reported diagnoses, this dataset gathers texts based on medical terms validated by domain
experts. Despite representing a significant advancement, DepreRedditBR targets a
general audience and does not focus on specific groups, leaving a critical gap for datasets
tailored to academic environments in Brazil.

Motivated by this gap, this work introduces a novel dataset specifically designed
to capture the mental health discourse of Brazilian university students. By focusing on
academic communities within REDDIT, the proposed dataset can be used, for example,
in the investigation of linguistic patterns and behavioral signals in a long-form, more
targeted and context-specific setting.

3. Methodology
Figure 1 outlines the proposed pipeline for creating the BrStudentMH dataset. We be-
gin by collecting posts and comments from three Brazilian higher-education subreddits
using specific mental health-related keywords (Fig. 1(A)). Subsequently, LLMs are em-
ployed to refine the dataset by excluding irrelevant posts (Fig. 1(B)) and inferring the
academic levels reflected in the post (Fig. 1(C)). Finally, posts and comments undergo
pseudonymization, ensuring the safe disclosure of information (Fig. 1(D)). Further de-
tails are provided below.

3.1. Dataset Construction

The dataset targeted three higher education-related Brazilian subreddits, chosen due to
their complementary nature in terms of academic journey and diversity coverage: r/USP
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(approximately 65 thousand members), r/faculdadeBR (approximately 84 thousand mem-
bers), and r/askacademico (approximately 13 thousand members). The r/USP subred-
dit, dedicated to the University of São Paulo (USP), one of the country’s largest uni-
versities and frequently ranked among the best in Latin America in international rank-
ings [Times Higher Education 2025], contains posts more directed toward topics related
to entrance exams and undergraduate studies, usually associated with admission and life at
the university. The r/faculdadeBR subreddit presents a more general perspective, address-
ing topics from several different universities, both public and private, and from different
regions of Brazil. Finally, r/askacademico frequently covers topics related to graduate
studies, doctorates, specializations, and more advanced stages of academia.

Inspired by similar keyword-based searches [Low et al. 2020], we derived a set of
65 distinct mental health-related keywords, which are available in the dataset’s GitHub
repository. Using a Python script, the PRAW1 library (The Python Reddit API Wrapper)
was then used to collect posts that contained at least one of the defined keywords, along
with several of their metadata, including comments, resulting in a total of 4,811 posts
retrieved. Fig. 1(A) summarizes the collection process.

3.2. Data Validation and Enrichment with LLMs

As many of the retrieved posts were not directly related to mental health, we per-
formed an initial refinement using DeepSeek V3 to categorize each post as related or
not to mental health. This model was chosen due its strong performance on similar
tasks [Xu et al. 2025], and the prompt included a task description, an explanation of what
the posts referred to, the possible categories, and examples for each category. After this
filtering step, the number of posts was reduced to 1,141.

To further validate the relevance of the resulting posts to our dataset, three addi-
tional models — ChatGPT 4o, Grok 3, and Gemini Pro 2.5 — independently performed
the same categorization task on this new set of posts. The convergence rate was 81%,
meaning that all models produced the same categorization in 81% of the posts. The final
categorization was defined through majority voting, and human evaluation was conducted
to solve ties. From the 1,070 retained posts, we removed those dated before 2024 due to
their temporal sparsity and small quantity. Fig. 1(B) summarizes this mental health cate-
gorization and filtering step. The final dataset contains 943 posts and 15,680 comments.
The posts cover 476 days, from Jan. 1, 2024, to April 20, 2025, while the associated
comments span a broader time window, ranging from Jan. 1, 2024, to Sep. 15, 2025.

To deepen data understanding and enable new analyses, a second categorization
step was conducted to infer the academic level from the post’s title and content. Four pos-
sible levels were defined to cover the complete journey within the university context. The
applicant academic level refers to posts related to admission exams for higher education,
frequently involving entrance examinations such as the Exame Nacional do Ensino Médio
(ENEM) or exams of Fundação Universitária para o Vestibular (FUVEST). The admit-
ted level focuses on posts from students who had already taken the application and were
accepted but had not yet started classes. The undergraduate level considers posts involv-
ing the daily routine of students at this level of study, including exams, course schedules,

1https://praw.readthedocs.io/en/stable/
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course failures, and subjects. The graduate level encompasses more advanced academic
study, such as master’s and doctoral degrees, specializations, and related programs.

The academic level categorization was independently performed by the same four
models as before, with the final category defined by majority voting (or human judgment
in case of ties). The prompt was also similar to the previous one, defining the four possible
levels and examples of situations that characterized each one. In 68% of the publications,
all models assigned the same category. Fig. 1(C) summarizes this step. The performance
of the models across these two categorization steps will be discussed in Section 7.

3.3. Data Pseudonymization

To pseudonymize sensitive information, a combination of two identification techniques
was used, following approaches previously tested in the literature [An et al. 2025]. The
first consists of regular expressions (Regex), which enable the identification of textual
patterns with well-defined characteristics. The second is the employment of the Named
Entity Recognition (NER) model ner-bert-large-cased-pt-lenerbr [Guillou 2021], which
addresses patterns that are not easily identifiable through rigid rules, such as names of
people, places, and organizations.

In the first stage, regular expressions were used to find, in the posts (title and body)
and in the comments (body), elements such as personal email addresses, phone numbers,
URLs, mentions of other users, and references to specific social media profiles. Values
that could lead to personal identification were replaced with a tag <ELEMENT NAME>
(e.g., <PHONE>, <URL>, <MENTION>); the others were not replaced.

Using Regex, we also searched for the numbers of Brazilian personal documents
such as Cadastro de Pessoas Fı́sicas (CPF), Registro Geral (RG), Cadastro Nacional
da Pessoa Jurı́dica (CNPJ), Carteira Nacional de Habilitação (CNH), and passports, as
well as zip codes (Códigos de Endereçamento Postal (CEPs)) and Internet Protocol (IP)
addresses, which were replaced with their respective tags following the same procedure.

In the second stage, we used NER to cover aspects not addressed by Regex. Three
types of sensitive information were considered: personal names, personal addresses, and
organization names. After analyzing the obtained results, no instances of personal ad-
dresses were identified, nor any mention of organizations that could be considered harm-
ful. Based on this, it was decided to mask only personal names according to the NER
classification. Therefore, personal names were replaced with <PERSON> in the dataset.

Beyond the elements described above, any information that could facilitate the
identification of specific users was also masked. Post IDs, comment IDs, and usernames
were replaced to preserve pseudonymity. Despite these substitutions, the relationships
among posts, comments, and their replies remain intact, as only the identifiers were mod-
ified, not removed. Furthermore, URLs in posts and comments were eliminated, and
publication timestamps were reduced to the date only, with hours and seconds discarded.
Fig. 1(D) summarizes this pseudonymization step.

4. Data Organization

Tables 1 and 2 depict the dataset elements, showing the types and brief descriptions of
each field for posts and comments, respectively. The files were made available in the
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“.json” format, in which each field acts as a key that returns the corresponding associated
information. Additionally, a simplified entity–relationship diagram can be observed in
Fig. 2, highlighting the relationships between the two files and their corresponding fields.

The dataset is available at https://github.com/MaiconChavesMarqu
es/BrStudentMH-dataset, with both keywords and academic levels written in PT-
BR, as already occurs with the post title and body, and the comment body. The values for
the academic levels are: VESTIBULAR, INICIO, GRADUAÇÃO, and POS-GRADUAÇÃO
(Applicant, Admitted, Undergraduate, and Graduate, respectively).

Table 1. Data dictionary for the Posts
Field Type Description

id string Alphanumeric identifier that uniquely identifies a post.
title string Title of the post created by the user, summarizing the main content or topic.
body string Textual content of the post, which may include reports, questions, rants, etc.
date date Post publication date in YYYY-MM-DD format.
username string Unique identifier of the user who created the post.
score int Post score based on user interactions (e.g., upvotes and downvotes).
academic level string Academic level the post refers to (e.g., Applicant, Admitted, Undergraduate, Graduate).
subreddit string Name of the subreddit to which the post belongs.
keyword string Keyword used in the search that retrieved the post.

Table 2. Data dictionary for the Comments
Field Type Description

id string Alphanumeric identifier that uniquely identifies a comment.
post id string Identifier of the post to which the comment belongs.
parent id string Identifier of the comment being replied to. If null, it indicates a direct reply to the post.
username string Unique identifier of the user who made the comment.
date date Comment publication date in YYYY-MM-DD format.
body string Textual content of the comment, which may include reports, questions, rants, etc.
score int Comment score based on user interactions (e.g., upvotes and downvotes).
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Figure 2. Entity Relationship Diagram

5. Descriptive and Exploratory Analysis
This section presents a descriptive and exploratory analysis of the dataset.

5.1. Posts

The dataset comprises 943 posts distributed across three subreddits, 52 keywords, 841
unique users, and four inferred academic levels (Tab. 3). The subreddit r/faculdadeBR
concentrates the largest number of posts (478), accounting for more than half of the
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Table 3. Number of posts by subreddit, unique users, and academic level

Category r/askacademico r/faculdadeBR r/USP Overall
(Total / Unique) (Total / Unique) (Total / Unique) (Total / Unique)

Applicant 4 / 4 94 / 89 159 / 145 257 / 234
Admitted 0 / 0 60 / 54 69 / 65 129 / 119
Undergraduate 34 / 32 310 / 288 130 / 118 474 / 434
Graduate 59 / 55 14 / 14 10 / 10 83 / 79

Overall 97 / 89 478 / 438 368 / 323 943 / 841

Table 4. Top 5 keywords by number of posts and unique users

Keyword Posts (%) Unique Users

Fear (medo, in PT-BR) 210 (22.27%) 197
Anxiety (ansiedade, in PT-BR) 149 (15.80%) 140
Sadness (tristeza, in PT-BR) 62 (6.57%) 58
Doubt (dúvida, in PT-BR) 42 (4.45%) 42
Depression (depressão, in PT-BR) 39 (4.14%) 36

dataset. A similar concentration is observed for the academic level, with 474 posts la-
beled as undergraduate. Keyword usage is also uneven, with higher frequencies for terms
such as fear and anxiety (Tab. 4).

Regarding textual content, post length varies across categories, reflecting different
discussion patterns (Tab. 5). Categories such as r/askacademico and graduate present
longer texts (over 1200 characters on average), while admitted and r/USP tend to have
shorter posts. In contrast, title length remains stable across categories, ranging from 38 to
51 characters (approximately five to eight words).

To complement the quantitative analysis, Figure 3 shows word clouds of post titles
and bodies (in PT-BR). They reinforce previously observed patterns, with frequent terms
such as fear (medo, in PT-BR), doubt (dúvida), and vent (desabafar), alongside academic-

Table 5. Mean and median length of posts and titles by category

Category Body (Chars) Body (Words) Title (Chars) Title (Words)
(Mean / Median) (Mean / Median) (Mean / Median) (Mean / Median)

r/askacademico 1215 / 1143 208 / 190 50 / 44 8 / 7
r/faculdadeBR 1090 / 861 190 / 150 45 / 38 8 / 7
r/USP 863 / 672 150 / 117 39 / 34 7 / 6

Applicant 932 / 677 162 / 122 44 / 38 8 / 7
Admitted 769 / 605 135 / 108 38 / 31 6 / 5
Undergraduate 1091 / 879 190 / 155 43 / 36 7 / 6
Graduate 1209 / 989 206 / 162 51 / 46 8 / 7

Overall 1014 / 786 177 / 139 43 / 37 7 / 6
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Figure 3. Word clouds for the posts (in PT-BR). (left) Distribution of terms found
in post titles. (right) Distribution of terms found in post bodies. The bigger
the word in the figure, the higher its frequency in the posts’ titles or bodies.

Table 6. Comments values and length by subreddit.

subreddit Comments Unique Users Body (Chars) Body (Words)
(Mean / Median) (Mean / Median)

r/askacademico 1,362 528 348 / 198 60 / 35
r/faculdadeBR 7,397 2,784 298 / 158 52 / 28
r/USP 6,921 2,273 29 / 29 5 / 6

Overall 15,680 5,229 306 / 164 53 / 29

related words like college (faculdade), course (curso), USP, and master’s (mestrado).

5.2. Comments
The dataset comprises 15,680 comments associated with the collected posts, involving
5,229 unique users (Tab. 6). The number of unique users is significantly smaller than the
number of comments, suggesting that individual users tend to comment multiple times.
Similarly to the posts distribution, comments are concentrated in the r/faculdadeBR sub-
reddit and are predominantly associated with the undergraduate level. Among these, 370
comments were already marked as deleted in the original collection, with their content
replaced with "[deleted]" by the REDDIT API.

Regarding textual content, comments are considerably shorter than posts, with an
overall mean of 306 characters (53 words) and a median of 164 characters (29 words),
as shown in Tab. 6. As with the posts, slight variations are observed across subreddits:
r/askacademico present longer comments, while r/USP has notably shorter texts. The
consistent gap between mean and median suggests the presence of longer comments that
increase the average length, as well as the influence of deleted content.

6. Applications
The BrStudentMH dataset can provide a foundation for developing automated systems
designed to safeguard the digital environment of university students. One primary appli-
cation is the training of supervised machine learning models to accurately identify and
filter potentially harmful content — such as posts or comments that might exacerbate
existing mental health conditions or trigger emotional distress. The necessity for such
tools is supported by recent research indicating a high demand among students for on-
line mental health information and a tendency to utilize digital psychological support
[Vornholt and De Choudhury 2021].
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Beyond individual and institutional monitoring, the dataset also enables the study
of informal digital peer support networks. By linking posts to their respective comments,
BrStudentMH allows researchers to analyze not only how support is sought, but also
how it is offered and reciprocated within online care networks. This application is particu-
larly relevant as research indicates that young people derive significant mental health ben-
efits from the immediacy of friendship and peer-based solidarity found in online spaces
[Byron and McDaid 2026]. Utilizing this dataset, social scientists and psychologists can
investigate where informal support originates and how these spontaneous care networks
help Brazilian students navigate the specific pressures of the university environment, po-
tentially serving as a model for enhancing existing institutional support frameworks.

7. LLM Performance

For the two performed categorization tasks — whether the post is related to mental health
and the academic level reflected in the text —, we analyzed the models’ performance from
two perspectives. The first is the inter-model agreement rate, that is, how often two models
produce the same result (Tables 7 and 8). The second examines the agreement between a
model’s output and the majority vote, including cases of disagreement (Tab. 9). Majority
vote disagreement is defined as a situation in which all other three models converge on
the same category, while the model under evaluation selects a different one.

Regarding the first perspective, Tab. 7 shows that DeepSeek V3 and Grok 3
achieved the highest agreement rate for the mental health categorization (94.65%). In
contrast, the lowest agreement rate was observed between DeepSeek V3 and Gemini 2.5
Pro (84.84%). In the case of the academic level categorization (Tab. 8), the highest agree-
ment rate was observed with Grok 3 and Gemini 2.5 Pro (86.53%), while the lowest was
observed with DeepSeek V3 and ChatGPT 4o (79.22%).

With respect to the (dis)agreement rate between a model’s output and the three
other models’ decision (second perspective), one can observe from Tab. 9 (upper portion)
that Grok 3 and Gemini 2.5 Pro are, respectively, the models with the highest and lowest
agreement with the majority vote in the case of mental health categorization (97.27% and
89.71%). Consistently, these models also exhibit the fewest and most disagreements with
the majority vote, respectively.

In the case of academic level categorization (Tab. 9 (bottom portion)), an inver-
sion in Gemini 2.5 Pro’s performance is observed: the model’s outputs are now more
aligned with the majority vote (92.36%), and it rarely disagrees with the other three mod-
els (2.65%). Regarding the Grok 3’s performance, although it shows the highest alignment
with Gemini 2.5 Pro (Tab. 8), it ranks third in terms of agreement with the majority vote
(89.08%). Finally, ChatGPT 4o presents the lowest agreement rate with the majority vote
among all models (only 86.21%).

Table 7. Inter-model agreement rate for Mental Health categorization

Mental Health DeepSeek V3 ChatGPT 4o Grok 3 Gemini 2.5 Pro
DeepSeek V3 100.00%
ChatGPT 4o 92.11% 100.00%
Grok 3 94.65% 93.60% 100.00%
Gemini 2.5 Pro 84.84% 86.94% 88.08% 100.00%
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Table 8. Inter-model agreement rate for Academic Level categorization

Academic Level DeepSeek V3 ChatGPT 4o Grok 3 Gemini 2.5 Pro
DeepSeek V3 100.00%
ChatGPT 4o 79.22% 100.00%
Grok 3 80.81% 80.70% 100.00%
Gemini 2.5 Pro 84.09% 81.97% 86.53% 100.00%

Table 9. Agreements and disagreements with the majority vote (MV)

Category Metric DeepSeek V3 ChatGPT 4o Grok 3 Gemini 2.5 Pro

Mental Health MV Agreement 94.20% 96.13% 97.27% 89.71%
3:1 MV Disagreement 3.07% 2.54% 0.70% 8.94%

Academic Level MV Agreement 89.50% 86.21% 89.08% 92.36%
3:1 MV Disagreement 6.36% 7.53% 4.77% 2.65%

8. Challenges and Limitations
Data collection is a critical aspect of constructing a dataset. With REDDIT, there is an ad-
ditional challenge: subreddits are defined by their titles, which may not accurately reflect
the content they predominantly share. Therefore, identifying relevant subreddits depends
on searching for keywords in posts and verifying which subreddit each post belongs to. In
this regard, searches for mental health-related terms may return posts that do not neces-
sarily align with the topic, often due to colloquial usage or differing semantics. Also, note
that our dataset focus on Brazilian university students who use Reddit, thus the findings
may be influenced by characteristics and biases specific to this population.

Although we have used different LLMs, it is important to note that the catego-
rization of academic levels was performed automatically and based exclusively on the
textual content of the posts, which may not accurately reflect the actual level in all cases.
The pseudonymization process, in turn, combined both automatic and manual inspec-
tions. However, the informal writing style commonly found on social platforms (e.g.,
abbreviations) poses challenges that may not have been fully addressed in this work.

9. Conclusion
This paper introduces BrStudentMH, a dataset of 943 posts and 15,680 comments
in PT-BR focused on Brazilian higher education students’ mental health, constructed
through data extraction from REDDIT, LLM-based categorization, and pseudonymiza-
tion. BrStudentMH was developed to assist in a diversity of studies and applications.
For example, it enables the development of automated systems for detecting harmful con-
tent and supports research into online peer support dynamics. It also enables analysis of
how students seek and provide support in digital environments, offering valuable insights
to improve institutional mental health strategies.

Future work includes generating keywords based on the central themes discussed
in both posts and comments, going beyond the original text to produce more representa-
tive descriptors of the content. Additionally, applying data mining techniques to extract
and include attributes not present in all posts, but informative when available, could fur-
ther enrich the dataset. Examples include age, university, city, organization, medications,
and other context-specific information related to the university environment. Another
promising direction is the investigation of NER techniques tailored to online environ-
ments, particularly for handling slang, abbreviations, and similar linguistic variations.
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