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Abstract. Introduction: Software developers have used intelligent coding 
assistants to aid their development efforts. Objective: We investigated GitHub 
Copilot’s support for creating accessible software applications. We explored its 
capacity to generate code suggestions that adhere to accessibility best practices 
during the development of a web application. Methodology: We analyzed 
the results using an inspection tool and the content of development diaries. 
Results: Our results indicate that the assistant provides limited accessibility 
support, exhibiting three distinct behaviors: in some cases, it generates code 
that adheres to accessibility criteria autonomously, while in others, it requires 
detailed prompting. Furthermore, in some cases, it does not even provide 
accessibility support when explicitly requested by the developer. 
Keywords Digital accessibility, Software development, Intelligent assistant. 

1. Introduction 

Software Engineering research has, for decades, refected a concern with developer 
productivity and the results generated through their excellent performance [Ozkaya 2023]. 
In recent years, software developers have raised discussions about Artifcial Intelligence 
(AI) tools due to their ability to assist programmers in coding activities, potentially 
improving productivity and code quality [Bird et al. 2023, de Souza et al. 2024]. While 
several AI tools can be used to support software developers, in this paper we focus, 
through GitHub Copilot (Copilot), on intelligent coding assistants, i.e., tools that provide 
entire blocks of code suggestions for developers based on the prompts they enter. 

Previews studies have focused on the advantages of the coding assistants (see 
for instance Bird et al. 2023, Ernst and Bavota 2022, and Liang et al. 2024). 
Meanwhile, other studies have also identifed limitations of these tools, including 
the correctness, safety, and complexity of their code suggestions. However, there is 
little literature about accessibility and intelligent assistants [Acosta-Vargas et al. 2024, 
MoghadasNian et al. 2025, Guspian et al. 2024], specifcally when addressing the 
implementation of accessibility guidelines in assistive code tools [Mowar et al. 2024, 
Mowar et al. 2025]. 
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To increase digital accessibility, researchers have created guidelines that 
specify what developers should, or should not do when creating an accessible 
software applications [Kavcic 2005]. Professionals who follow accessibility guidelines, 
not only contribute to social inclusion by providing equal access and user 
satisfaction in the digital environment but also fulfll legal requirements in some 
cases [World Wide Web Consortium 2024a]. Countries like Brazil, the United States, 
Germany and Portugal have specifc laws that guarantee digital accessibility rights to 
People with Disabilities (PwD) [Brazil 1991, Portugal 2004, Germany 2002, USA 2024]. 

Through the Web Accessibility Initiative (WAI), the Web Content Accessibility 
Guidelines (WCAG) were created to provide an internationally recognized 
reference for individuals, organizations, and governments regarding web content 
accessibility [World Wide Web Consortium 2024b], being now one of the most widely 
used sets of digital accessibility guidelines [Mateus et al. 2020]. Studying accessibility 
supported by intelligent coding assistants is important to determine whether and how 
these tools provide proper code suggestions and to fnd out if they can be perceived 
as a valuable aid for programmers in supporting digital accessibility effciently and 
productively [Leite et al. 2021, Teran et al. 2021]. Due to the relevance of digital 
accessibility and the current lack of knowledge about the limitations of intelligent coding 
assistants in this matter, this paper aims to answer the following research question: “How 
can Copilot assist in creating accessible websites?”. 

To address this question, an empirical study was conducted using GitHub Copilot 
to develop a web application based on the Next.js framework. The web application was 
developed by following predefned steps, divided into two phases: (i) in the frst phase, we 
coded the application without requesting accessibility support from Copilot; that is, the 
researchers’ prompts did not express any concern regarding accessibility aspects, while 
(ii) in the second phase, Copilot was used to debug the code from the frst phase in order 
to implement WCAG guidelines. At the end of each phase, the web application was 
submitted to an automated accessibility inspection tool. The results were analyzed in 
conjunction with the developers’ diaries, which were generated during the project phases. 

Our results suggest that Copilot does not properly support developers in coding 
accessible software. For instance, it only automatically provided minor recommendations, 
such as using alternative text properties for images, without considering other minimum 
accessibility requirements described in WCAG. Furthermore, it just suggested code that 
promotes accessibility when the injected prompts specifed the accessibility problem. 

This paper has two primary contributions: to the best of our knowledge, it is 
the frst paper to assess the accessibility aspects of GitHub Copilot’s code suggestions. 
Second, it provides a set of lessons that developers and researchers can apply to 
create accessible software applications with the assistance of GitHub Copilot. We 
corroborate refections on the use of AI tools and their future implications in the feld of 
HCI [Duarte et al. 2024]. As with other studies [Freire et al. 2024, da Silva et al. 2024, 
Borges e Araújo 2024], this research aims to understand the problems and opportunities 
associated with the support provided by intelligent assistants in professional settings. 

The remainder of this paper is structured as follows: Section 2 presents an 
overview of digital accessibility and intelligent coding assistants. Section 3 explains the 
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research methods we adopted. This is followed by Sections 4 and 5, which detail our 
results and discussion. Finally, Section 6 presents our fnal remarks and future work. 

2. Theoretical Framework 
This section provides an overview of digital accessibility concepts and technical artifacts. 
It also discusses the use of intelligent assistants in the software development process. 

2.1. Digital Accessibility 

Accessibility is fundamental to ensure that people have safe and autonomous 
access, regardless of ability or circumstance, promoting participation in daily 
activities and increasing opportunities [Brazil 2009]. There is a wide range of 
accessibility dimensions; however, we focused on digital accessibility, which is 
defned as a quality criterion that eliminates barriers to accessing digital services and 
tools [Kulkarni 2019]. The greatest challenge in achieving digital accessibility lies in 
the current inability of technology to meet diverse human conditions [Kulkarni 2019]. 
Some accessibility approaches have been proposed to help designers and developers 
construct accessible software, such as ATAG [World Wide Web Consortium 2023a], 
UAAG [World Wide Web Consortium 2016], and Mobile A11y [Whitaker 2016]. 

WCAG, as one of these initiatives, presents a set of recommendations for making 
Internet content more accessible and has great relevance due to its use to drive diverse 
people’s digital inclusion [World Wide Web Consortium 2024b, Silva et al. 2019]. There 
are various ways of evaluating whether developed content adheres to WCAG, such as 
through manual tests or automated inspection tools. However, few developers have 
practical accessibility experience and apply it to build and validate this requirement into 
their products [Antonelli et al. 2018]. 

Although some tools evaluate software after it has been coded, others can 
perform this accessibility evaluation during the coding and implementation phase, such 
as “ax Accessibility Linter”, “axe-cli”, and “Pa11y1”. These evaluation tools focus on 
inspecting accessibility violations, i.e., issues in code that infict one or more accessibility 
guidelines [Deque Systems 2024]. Whether the evaluation is performed after or during 
the software development phase, these tools rely on the users’ previous knowledge of 
digital accessibility concepts. In this paper we will consider WCAG guidelines as our 
reference to assess web applications accessibility. 

2.2. Intelligent Coding Assistants 

This Subsection presents an overview of Large Language Models (LLMs) in 
software development, which has been popularized in code generation using prompts 
based on natural language, code translation, and automatic code insertion in real 
time [Ross et al. 2023]. 

Hou and colleagues [Hou et al. 2024] carried out a systematic review on the 
application of LLMs in software engineering and, among other vital data collected 
until 2023 April, they noted that around 56% of the papers documented the use of 
this technology to improve coding and software development processes. This review 

1Pa11y: open source tool to support designers and developers create web applications more accessible. 
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also emphasized intelligent coding assistants’ central role in code generation tasks. It 
represented 45% of the papers about these assistants. In contrast, the second most 
reported activity (11%) supported by LLMs is assistance in fnalizing code started 
by the programmer. In general, assistants improve the effciency of code writing, 
helping software developers and promoting greater automation in the code development 
process [Bird et al. 2023, Ernst e Bavota 2022, Ziegler et al. 2022]. Copilot assisted with 
these two tasks in our research: code writing and code improvement. 

Schmidt [Schmidt 2023] discusses the challenges of Generative AI (Gen 
AI) in coding and how its usage can accelerate and improve the testing and 
performance of the code generated. Its use in programming is a consequence of 
the evolution of how we can program computers. The use of Gen AI involves 
the prompt elaboration. Some authors reinforce the importance of “developers’ 
profciency in prompt engineering to communicate effectively with LLMs and guide 
them toward desired outputs” [Terragni et al. 2025] and even suggest templates for better 
prompting [Rajbhoj et al. 2024]. 

Despite the benefts that Gen AI has come to improve software engineering’s 
future [Terragni et al. 2025], intelligent coding assistants have different limitations. 
For instance, they generate insecure code [Pearce et al. 2022] and incorrect 
code [Nguyen e Nadi 2022]. Another limitation of intelligent coding assistants is 
non-determinism [Ouyang et al. 2023]. This means that an LLM may propose 
alternative (code) outputs for the same prompt [Ouyang et al. 2023]. A solution 
to address this problem is to use the same prompt more than once and evaluate 
the different code outputs [Ouyang et al. 2023]. Another solution, although less 
effective [Ouyang et al. 2023], is to set the temperature parameter to zero. This parameter 
is used to control the randomness of the suggestions generated by the LLM varying 
between specifc (0), balanced (1), or creative (2). In our study, we used temperature 
“zero” to minimize this issue. 

Although LLMs trained for code generated (LLM4code) support software 
development, it is essential to remember that these models must be trained based on 
a varied dataset to meet the interaction characteristics of different users. The lack of 
information about the training data of proprietary tools (like GitHub Copilot) and data 
that considers social and human diversities can encourage a generation of social exclusion 
mediated by this type of technology [Bender et al. 2021]. In the case of LLM4code tools, 
this problem was reported by Liu and colleagues [Liu et al. 2023], who identifed social 
bias in these LLMs. Thus, evaluation studies of LLMs must be conducted to verify 
whether they generate accessible codes and whether their bases refect exclusionary or 
inclusive results. 

3. Research Methods 

We conducted an exploratory study to assess how intelligent programming assistants, 
specifcally GitHub Copilot, generate a web application compliant with WCAG 
accessibility standards. We adopted a qualitative approach to evaluate our experience 
with GitHub Copilot by analyzing developers’ diaries that were manually flled during 
programming activities. This was combined with a quantitative analysis aimed to 
summarize the reports generated by Pa11y, an automatic accessibility inspection tool. 
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3.1. The Web Application Developed 
The web application developed during this study aims to support software developers in 
adopting inclusive design practices for emergent users of instant payment systems. We 
selected this application due to the prior need to create a platform that supports designers 
and developers, including PwD professionals, to design and understand the conditions of 
emerging users. It was a relevant and practical scenario for evaluating GitHub Copilot’s 
support in writing accessible code aligned with WCAG guidelines. All applications, like 
this one, need to have accessible features available to include multiple users. 

The web application was designed to include fve distinct pages. The frst page, 
called “Home”, briefy introduces the application’s purpose and content with some text 
and one illustrative image. The second page, called “Guidance”, contains the reference 
guide on implementing accessibility features to emergent users. The guide is organized 
into textual cards with recommendations that can be fltered by category or searched 
using a text input feld. Meanwhile, the third page, called “Personas”, presents cards 
with text and images that consolidate characteristics of hypothetical emergent users. The 
fourth page, named “Quiz”, was designed as a confgurable set of questions and answers 
about the content presented in the previous pages. The user should be able to choose 
the number of questions and the subjects that the quiz should cover. Finally, the ffth 
and last page, “About”, presents the web application’s complementary documents and 
the research team involved in its creation. Figure 1 presents a screen example of the 
web application. All prototype screens are available in our Supplemental Material (in 
Portuguese)2. 

Figure 1. Screen example of the web application developed 

3.2. Research Phases 
The frst and fourth authors conducted our empirical study in two phases (Figure 2), 
periodically collaborating and occasionally working independently. In the rest of this 
paper, they will be referenced as researcher 1 and researcher 2. 

In the preliminary phase, researchers 1 and 2 set up the development environment 
and defned the diary template, specifying what data would be recorded and when. 

2https://github.com/human-interaction-with-tecnologies/open-science-study-with-copilot-for-
accessibility 

https://2https://github.com/human-interaction-with-tecnologies/open-science-study-with-copilot-for
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Figure 2. Phases of the empirical study 

They structured the project and confgured the repository to enable collaborative work. 
The technical stack, such as Next.js, a Framework based on React to develop web 
applications [Next.js 2024], TypeScript, and Tailwind were selected based on their 
prior experience. They also agreed to limit the number of prompt refnements to a 
maximum of four to interact with Copilot, aiming to avoid bias introduced by varying 
prompting strategies between different prompting approaches. Additionally, Researchers 
1 and 2 decided to create a three-section journal (or diary) [Palen e Salzman 2002, 
Henderson-Summet et al. 2007] to be used while developing the web application. 

This organization facilitated a systematic and structured documentation process, 
enabling the analysis and comparison of results throughout the study. A template was 
created for each entry in the journal. The structure of the template was as follows: 
The First Section recorded interactions with GitHub Copilot during the web application 
codifcation (phase one). This section included a subsection for the developed page, 
which contained: (i) Date, (ii) Prompt used in GitHub Copilot Chat, (iii) Scenario to 
be developed (behavior and internal structure of page), (iv) GitHub Copilot results in 
screenshots, (v) Observations about the accessibility support provided by Copilot. This 
section ended with a personal analysis summarizing the researcher’s experience with 
Copilot’s support; The Second Section followed the same structure as the frst section 
but dedicated to recording the debugging activities (phase two); Third Section presented 
a subjective analysis of the researchers’ perceptions of the codifcation and debugging 
phases compared, highlighting the differences among the researchers’ experiences and 
main results. 

In phase 1 (coding), researchers collaborated in parallel to implement the same 
features in different branches using Copilot as the intelligent coding assistant. In 
preparation for subsequent analysis and discussion, Researchers 1 and 2 completed the 
initial section of their respective diaries during the coding phase. As an illustration, 
researcher 1 initially used the prompt “Create 2 divs, 1 for the title and the second for 
the content. The content must contain 4 paragraphs, being paragraphs 2 and 3 followed 
by a list.”. There were no explicit instructions regarding the generation of accessible 
interfaces in the developers’ prompts. The absence of specifc accessibility requirements 
was due to our desire to observe the ‘default’ results of Copilot. 
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After fnishing the coding at phase 1, the researchers individually evaluated 
the accessibility of their web applications using Pa11y [Pa11y 2023], an automated 
accessibility inspection tool. This tool analyzed the source code and searched for WCAG 
accessibility violations, considering the AA compliance level. The results were saved in 
the development branch repositories of each researcher, and they concluded their diary’s 
frst section with a personal evaluation of their experience. Table 1 presents an example 
of a violation result reported by Pa11y. After phase 1, researchers 1 and 2 convened to 
deliberate over the entries recorded in their diaries and the accessibility inspection reports 
provided by Pally. 

Table 1. Violation Example Reported in the Pa11y 

Violation’s Evidence 
“error”, “WCAG2AA.Principle1.Guideline1_4_1_4_3.G18.Fail”, “This element has insuffcient 
contrast at this conformance level. Expected a contrast ratio of at least 4.5:1, but text in this 
element has a contrast ratio of 3.71:1. Recommendation: change background to #2b71e6.”, “<div> 
Technology</div>”, “#__next > div > div:nth child(2) > div:nth-child(2) > div:nth-child(3) > div:nth-
child(1) > div” 

During phase 2 (debugging), the researchers looked for errors in the software and, 
consequently, found ways to resolve them [Mccauley et al. 2008]. Thus, each researcher 
debugged its own software application independently, using the accessibility suggestions 
provided by Copilot, obtained through prompts enriched with explicit instructions on 
generating an accessible application, considering the learnings from the previous phase. 
Examples of the Researcher’s prompts include “Refactor interface to support WCAG2AA 
norm Principle1 Guideline1_4 1_4_3 G18_Fail” and “Resolve accessibility problem for 
WCAG2AA 1.4.3 G18 contrast ratio”. 

Following the same method that was used in phase 1, both researchers wrote 
individual entries in their diaries, including their prompts and results from GitHub 
Copilot. Subsequently, the researchers conducted an individual review of the debugged 
code using Pa11y, the same inspection tool that was employed in phase 1. The results 
were documented in the diaries and utilized to establish new input to continue debugging 
the code until all accessibility violations had been resolved. After fnalizing debugging the 
code, the researchers consolidated their experiences using GitHub Copilot. To facilitate 
the reproducibility of the research (open science), the inspection reports3 and research 
diaries are available4 are available to consult. 

At the end of the process, Pa11y reported no accessibility violations in the web 
application. The researchers either manually resolved accessibility violations or accepted 
GitHub Copilot’s suggestions during the code debugging. The source code generated 
through all these research phases is also available in our open science repository. 

3.3. Tools versions and confguration 
We used GitHub Copilot X, with GPT-4 integrated and same features still used 
nowadays [Dohmke 2023], via an integrated development environment (IDE) extension 
to support our software development (coding and debugging) efforts. The Copilot Chat 

3https://bit.ly/454E2CB 
4https://bit.ly/4kVxHz2 
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feature was used to generate and enhance the web application code through prompts 
specially designed for each task. Copilot was set with the temperature 0 to refne its results 
and reduce the infuence of its non-deterministic [Ouyang et al. 2023] characteristic. This 
confguration makes the Copilot’s answers more specifc and reliable for later analysis. 

Following Barke et al’s [Barke et al. 2023] GitHub Copilot’s interaction modes, 
the researchers used both exploratory and accelerated modes to develop the web 
application. In phase 1, the assistant was asked to generate code suggestions via 
exploratory mode, and then accelerated mode was used to fnalize the development. 
Meanwhile, in phase 2 the code was debugged using the exploration mode. 

The programming language used was Next.js (version 14.0.3) based on Typescript 
(version 5). Syntactically Awesome Style Sheets (SCSS on the 1.69.7 version) and 
Tailwind library were added in the project settings and used in the web application front-
end (version 3.3.0). The inspection tool selected for this research was Pally (version 
3.0.3), which is frequently updated and extensively utilized by the software development 
community, with an estimated “156.174” downloads per week [npm, Inc. 2024]. 

Data analysis was conducted in two rounds, after phase 1 and phase 2 execution. 
The qualitative data of the diaries and the Pally report were analyzed by researchers 1 and 
2 in the initial round. The analysis was initiated individually and subsequently conducted 
collaboratively. They categorized the results based on the WCAG violations of Pa11y 
reports, the prompts used by the researchers, and the GitHub Copilot code suggestions 
recorded in their diaries. 

Results were presented to all other authors in the second round for further analysis. 
All authors verifed and made adjustments in the initial classifcation and grouped 
the results into three major categories, namely: (i) accessibility features automatically 
suggested by Copilot (Subsection 4.1), (ii) accessibility features suggested by Copilot 
during the debugging (see Subsection 4.2), and (iii) accessibility features never addressed 
by Copilot (discussed in Subsection 4.3). The results (Section 4) were grouped this way 
to facilitate the understanding of the support provided by Copilot, avoiding redundancies, 
as in some cases, accessibility was not renewed in the commitment or debugging stages. 

It is important to mention that some inspection results were not categorized 
because they were infuenced by external factors unrelated to GitHub Copilot. For 
instance, the Resize Text feature (WCAG success criterion 1.4.4) was implemented by 
default through Next.js settings rather than due to GitHub Copilot’s code suggestions. 
Therefore, this case is not reported later because it does not contribute to this study. 

4. Results 

This section presents the results of the empirical study conducted by researchers 1 
and 2. During data analysis, we organized the information into three categories based 
on Copilot’s ability to address WCAG requirements. It is worth noting that most 
of the generated prompts were originally written in Portuguese. In this section, we 
have translated them into English; however, when presented in fgures, they may be in 
Portuguese. 



XXIV Simpósio Brasileiro sobre Fatores Humanos em Trilha: Relatos de Experiência 
Sistemas Computacionais (IHC 2025) - Belo Horizonte/MG 

4.1. Accessibility features automatically suggested by GitHub Copilot 

This subsection presents the WCAG-compliant code generated with Copilot assistance 
during phase 1 of this research, specifcally during the coding activities where researchers 
did not explicitly request accessibility support. Upon analyzing the researchers’ diaries, it 
was observed that Copilot occasionally incorporated accessibility features under WCAG 
without explicitly asking for it. For instance, GitHub Copilot automatically suggested 
the alternative text property for image resources presented in the menus of pages 
“Guidance”, “Personas”, and “About” of the web application. 

Figure 3 shows a code snippet implemented by researcher 1 in which the HTML 
tag “img” with an alternative text property was generated using the prompt “create 
component for image”. Likewise, Figure 4 displays the code snippet built by researcher 2 
with the alternative text property for the “Image” element of the React framework. In this 
case, the prompt provided by researcher 2 to GitHub Copilot was: “Implement the same 
card pattern as a tailwind in the div”. It is important to note that the researchers did not 
request an alternative text in their prompts at any point. Instead, Copilot autonomously 
suggested the implementation of this property for image accessibility in accordance with 
WCAG Principle 1, Guideline 1.1, and Success Criterion 1.1.1 Non-text Content. 

Figure 3. Researcher 1 Code snippet 

Figure 4. Researcher 2 Code snippet 

Copilot automatically proposed the alternative text implementation; however, we 
noted that it did not occur with more advanced accessibility features. For instance, 
researcher 1 highlighted the following observation (subsection 1.12 of researcher 1’s 
diary [Teran et al. 2025a]) in the conclusion of phase 1: “I observed that GitHub Copilot 
generated alternative text whenever a code suggestion incorporated an image into its 
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structure. However, GitHub Copilot did not generate other required resources, such as 
the name of Accessible Rich Internet inputs or attributes Applications (Aria)”. 

ARIA is a set of properties that strengthens the web accessibility to people with 
disabilities [Mozilla 2024]. Specifcally, in this case, the divs or inputs of the web 
application did not instance ARIA properties to facilitate communication with assistive 
technologies. 

Besides alternative text, minimum contrast (success criteria 1.4.3) was another 
WCAG criterion automatically suggested by Copilot. It indicates that texts and 
backgrounds must have a contrast ratio of at least 4.5:1, except when the images are large 
scale (with a contrast ratio of at least 3:1), are not visible to anyone on the interface, or 
are logos and brand names [World Wide Web Consortium 2023c]. In this case, Copilot’s 
suggestions aligned with best practice interface design for presenting content to people 
with low vision, utilizing the Tailwind library as a base. We observed that the GitHub 
Copilot generated tailwind properties like“bg-white” and “text-gray-500”, “text-gray-
600” or “text-gray-700” for researchers 1 and 2 (records can be found in subsections 
1.5 and 1.7 of researcher 1’s diary [Teran et al. 2025a] and subsection 1.5 of researcher 
2’s diary [Teran et al. 2025b]). 

However, contrast was not successfully implemented for every code generated 
by Github Copilot, as presented in Subsection 4.3. In summary, Copilot automatically 
suggested simple accessibility features, such as alternative text for images and contrast, 
but it did not support more sophisticated accessibility features. Those features are 
discussed in the following sections. 

4.2. Accessibility features suggested by GitHub Copilot during the debugging 

This subsection presents the accessibility standards Copilot delivered through the 
debugging activity (phase 2), when researchers explicitly prompted the generation of 
WCAG-compliant code. Debugging was applied to the code generated at the end of this 
research’s phase 1, since Copilot delivered a web application not fully compliant with 
WCAG guidelines. 

Table 2 lists the inspection results at the end of phase 1, identifed by its WCAG 
success criteria code and grouped by each page where it was found. A full description of 
each violation is provided next. 

The accessibility violations found at this phase were: Page 
Title (2.4.2) indicates that pages must have titles that describe their 
purposes [World Wide Web Consortium 2023d]; Name, Role, Value (4.1.2) describes 
that interface elements must have names, functions, or states defned during 
programming to facilitate reading and notifcation to be carried out by assistive 
technologies to users [World Wide Web Consortium 2023e]; Info and Relationships 
(1.3.1) indicates that the information or relationships of the pages will be defned 
via programming to maintain their integrity when there is a change in the content 
presented to users [World Wide Web Consortium 2023b]; Bypass Blocks (2.4.1) is 
about mechanism is available to bypass blocks of content that are repeated on multiple 
pages [World Wide Web Consortium 2023f]; Minimum Contrast (1.4.3) highlights 
that the visual presentation of text and images of text need to be adequate contrast 
ratio [World Wide Web Consortium 2023c]. 
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Table 2. Inspection results after phase 1 

Page Researcher 1 Researcher 2 
Home Page Title (2.4.2); Minimum Contrast 

(1.4.3). 
Page Title (2.4.2); Minimum Contrast 
(1.4.3). 

Guidance Page Title (2.4.2); Name, Role, Value 
(4.1.2); Info and Relationships (1.3.1); 
Minimum Contrast (1.4.3). 

Page Title (2.4.2); Name, Role, Value 
(4.1.2); and Info and Relationships (1.3.1); 
Minimum Contrast (1.4.3). 

Personas Page Title (2.4.2); Minimum Contrast 
(1.4.3). 

Page Title (2.4.2); Minimum Contrast 
(1.4.3). 

Quiz Page Title (2.4.2); Minimum Contrast 
(1.4.3). 

Page Title (2.4.2); Info and Relationships 
(1.3.1); and Name, Role, Value (4.1.2); 
Minimum Contrast (1.4.3). 

About Page Title (2.4.2); and Bypass Blocks 
(2.4.1); Minimum Contrast (1.4.3). 

Page Title (2.4.2); and Bypass Blocks 
(2.4.1); Minimum Contrast (1.4.3). 

To resolve the violations, each researcher refactored their code using GitHub 
Copilot. It was necessary to increasingly add more information to the prompts to get 
the expected result. Below we present the reported cases: 

Case #1: Researcher 1 used the following prompts (subsection 2.1 of researcher 1’s diary 
[Teran et al. 2025a]) to fulfll success criteria 2.4.2 while attempting, without success, 
to get a Copilot suggestion that addressed the violation: “Refactor the code to comply 
with the WCAG accessibility standard”; “Refactor the code to comply with the WCAG 
accessibility standard: A title should be provided for the document, using a non-empty 
title element in the head section.”; “Refactor the code to meet the WCAG accessibility 
standard to meet the criteria of success 2.4.2 in react”. However, these prompts did not 
generate the expected result. To address the violation, researcher 1 prompted: “Refactor 
the code to correct the accessibility problem ‘A title should be provided for the document, 
using a non-empty title element in the head section’”. 

Meanwhile, to correct the title issue (subsection 2.1 of researcher 2’s diary 
[Teran et al. 2025b]), researcher 2 used the command below, interpreting the description 
provided by the inspection report: “A title should be provided for the document, using a 
non-empty title element in the head section.”. With this prompt, he updated successfully 
in the frst attempt: “Refactor to use head title instead of h1”. 

Case #2: To attend to success criteria 4.1.2, researcher 1 created a debugging prompt 
based on the previous prompt’s structure, i.e., using the description provided by the 
inspection report since it was the solution that worked before. Thus, the following prompt 
(subsection 2.3 of researcher 1’s diary [Teran et al. 2025a]) was successfully used to solve 
this violation: “Refactor the code to fx the accessibility problem ‘This textinput element 
does not have a name available to an accessibility API. Valid names are: label element, 
title undefned, aria-label undefned, aria-labelled by undefned’”. 

With this approach, GitHub Copilot provided the suggestion to insert the “aria-label” and 
“name” properties in the “input” tag, as shown in Figure 5, to facilitate the identifcation of 
the data entry feld by assistive technologies. The Pa11y description report was a critical 
component that guided the researcher while prompting, as it stipulated the actions that the 
assistant should take to a specifc accessibility error in the code. 
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Figure 5. Code Suggested for researcher 1 in Data Input Violation 

In turn, researcher 2 used the violation identifcation code provided by the inspection 
report to the Name, Role, Value success criteria 4.1.2, as shown in Figure 6, so he entered 
the prompt (reported in subsection 2.3 of researcher 2’s diary [Teran et al. 2025b]) that 
solved the accessibility violation: “Resolve accessibility problem for WCAG2AA 4.1.2 
H91 InputText Name”. 

Figure 6. Code Suggested for Researcher 2 in Input Violation 

However, interestingly, the same prompt had to be run twice by researcher 2, and only on 
the second attempt did the GitHub Copilot suggestion successfully fx the accessibility 
issue. As discussed in Subsection 2.2, this is an example of the non-deterministic nature 
of LLMs. Indeed, researcher 2 highlighted in his diary that “[...] non-determinism was a 
factor that got in the way when generating this debugging because I had to try to execute 
the command at the prompt more times than expected to fx a violation [...]”. 

As mentioned in Subsection 6.3, the researchers had limited experience with the 
inner works of LLMs. However, one of them was already familiar with the LLM’s 
limitation regarding non-determinism. 

Comparing the researcher’s interaction with GitHub Copilot, researcher 1 received 
a suggestion to insert a property in the input, and researcher 2 received a suggestion to 
insert the “label” tag attached to the Input identifer. Furthermore, the prompts used by 
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researcher 1 or 2 to resolve “Name, Role, Value” violation, simultaneously, also fxed the 
success criteria 1.3.1: “Info and Relationships”. This violation of criterion 1.3.1 was due 
to the lack of information identifying particular content. In simpler terms, label could be 
read by screen readers when it was inserted into the data input. 

Case #3: Finally, the “Bypass Blocks” violation (related to success criteria 2.4.1) was 
solved by researcher 1 using the prompt strategy of including the message presented in 
the inspection report as documented in subsection 2.4 of his diary [Teran et al. 2025a, 
Teran et al. 2025b]. The following prompt solved the issue in the frst attempt: “Refactor 
the code to fx the accessibility issue ‘Iframe element requires a non-empty title attribute 
that identifes the frame.’”. 

Researcher 2 used a similar prompt, describing the request and including the message 
indicated by the inspection report, having also successfully resolved the accessibility 
violation (subsection 2.6 of researcher 2’s diary [Teran et al. 2025b]). The prompt used 
was: “Resolve Iframe element requires a non-empty title attribute that identifes the 
frame”. 

4.3. Accessibility features never fully addressed by GitHub Copilot 

Case #4: Our investigation revealed that Copilot did not support addressing certain 
accessibility violations. Researchers 1 and 2 attempted to enhance code snippets to 
provide suffcient contrast (criterion success 1.4.3 by WCAG). However, they were unable 
to resolve this issue even after testing different prompts (subsection 2.5 of researcher 1’s 
diary [Teran et al. 2025a] and subsection 2.8 of researcher 2’s diary [Teran et al. 2025b]). 

It is important to mention that the informative text located in the “About” page had the 
contrast success criteria automatically addressed during phase 1, coding (see Subsection 
4.1). However, the suggestions did not work consistently in the menu of the pages. 

Table 3 presents all requested Prompts5 used specifcally by researcher 1 in 
attempting to solve the contrast violation (subsection 2.5 of researcher 1’s diary 
[Teran et al. 2025a]). In P1, the researcher constructed a prompt that combined the task 
request and the message from the inspection report, using the same strategy that had 
worked in previous issues. However, it did not work this time. In P2 and P3, he adapted 
the prompt approach, considering both the inspection report message and the problem’s 
recommendation. 

After testing the commands presented in Table 3 without success, researcher 
1 performed the adjustment manually. In his diary, he highlighted the following 
observation: “[...] the contrast error was not resolved due to the problem being caused by 
a property that left the menu text gray. Therefore, tests were carried out with commands 
that had color recommendations or problem locations in their structure, but the Copilot 
was unable to interpret and apply an appropriate adjustment. Thus, I made the manual 
adjustment by removing the class that caused this contrast problem.”. 

Researcher 2 indicated that GitHub Copilot did not provide necessary adjustments 
to contrast issues (see subsection 2.8 of researcher 2’s diary [Teran et al. 2025b]). In this 

5Prompts are requests or questions made by users to GitHub Copilot Chat to generate code, fx bugs, 
write tests, and document code [GitHub 2025]. 
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Table 3. Prompts Generated by Researcher 1 to Fix Contrast Problem 

Code Prompts 

P1 
Refactor the code to fx the accessibility issue “This element has insuffcient contrast at this 
compliance level. A contrast ratio of at least 4.5:1 was expected, but the text in this element has 
a contrast ratio of 4.38:1. Recommendation: Change the background to #f7f8fa.” 

P2 
Refactor the code to fx accessibility issue “This element has insuffcient contrast at this 
conformance level. Expected a contrast ratio of at least 4.5:1, but text in this element 
has a contrast ratio of 4.38:1.” located in “<span class=‘text-md font-medium text-text-
light’>Questions and Answers</span>” following the recommendation “change background 
to #f7f8fa !important.” 

P3 

Refactor the code to fx the accessibility issue “This element has insuffcient contrast at this 
conformance level. Expected a contrast ratio of at least 4.5:1, but text in this element 
has a contrast ratio of 4.38:1.” located in “<span class=‘text-md font-medium text-text-
light’>Questions and Answers</span>” following the “change recommendation background 
to #f7f8fa and remove other property if necessary.” 

context, this researcher used the following prompt, which had no effect in correcting the 
contrast: “To solve the problem for insuffcient contrast, change background to #2b71e6 
in tailwind”. 

Additionally, manual adjustments were made because Copilot changed other 
elements that were in compliance before testing this prompt. In his diary observations, 
this researcher wrote: “When executing command one, it did not solve the problem and 
even ‘broke’ the color, I needed to act manually to solve the problem of buttons with blue 
color outside the accessibility standards’ contrast pattern.”. 

In summary, Copilot’s debugging suggestions received by researcher 1 and 
researcher 2 did not produce a suitable suggestion for addressing the contrast violation. 
Consequently, the researchers manually made this adjustment after testing various 
prompts. These results suggest that the problem is related to design standards and 
accessibility information, which is likely outside the scope of Copilot’s training data. 
We will discuss this further in the next Section. 

4.4. Summary of the Results 
Table 4 summarizes quantitatively the following results: 

• Some success criteria were implemented during phase 1 (coding), in which 
researcher 1 (R1) and researcher 2 (R2) noted that GitHub Copilot suggested code 
with the minimum level of contrast (success criterion 1.4.3) and alternative text 
(totalling four implementations in favour of accessible code); 

• Five success criteria were not implemented (success criterion 2.4.2, 4.1.2, 1.3.1, 
2.4.1, and 1.4.3), resulting in a total of 72 accessibility violations (15 present in the 
code developed by researcher 1 and 57 present in the code developed by researcher 
2); 

• Researchers 1 and 2 resolved accessibility violations with the assistance of GitHub 
Copilot and the Pa11y tool (42 in total, nine after debugging the code by researcher 
1 and 33 after code debugging by researcher 2); 

• Many contrast minimum level (success criterion 1.4.3) issues were not resolved 
with the help of GitHub Copilot (32 in total, 6 in the debugged code by researcher 
1, and 24 in the debugged code by researcher 2); 
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• Specifcally about the contrast minimum level, it was implemented automatically 
when GitHub Copilot a code with Tailwind property (see more details in 
Subsection 4.1). In phase 2, the same success criteria were impossible to 
implement with GitHub Copilot or Pa11y support, resulting in remaining 
violations, even after debugging, by design matters (see more details in Subsection 
4.3). 

Table 4. Quantitative summary 

Success Criteria 
Coding (Phase 1) Debugging (Phase 2) 

Implemented Violations Fixed Violations 
R1 R2 R1 R2 R1 R2 R1 R2 

2.4.2 Page Titled - - 5 5 5 5 - -
4.1.2 Name, Role, Value - - 2 15 2 15 - -
1.3.1 Info and 
Relationships 

- - 1 1 1 1 - -

2.4.1 Bypass Blocks - - 1 12 1 12 - -
1.4.3 Contrast 
(Minimum level) 

1 1 6 24 - - 6 24 

1.1.1 Non-text Content 
(Alternative Text) 

1 1 - - - - - -

Total 2 2 15 57 9 33 6 24 

5. Discussion 

Our experience in developing and debugging web applications to support WCAG 
accessibility guidelines enables us to answer our research question “How can Copilot 
assist in creating accessible websites?”. We concluded that Copilot suggests code with 
accessibility features that are primarily simple to implement, and in this sense, are likely 
to be found in its training data. Examples include the image alternative text and the 
minimum contrast level specifed in the Tailwind library. However, Copilot also suggests 
code that is not compliant with accessibility, requiring, in the best case, an automated 
code inspection tool or, in the worst case, manual code changes by a developer. These 
results are corroborated by the researchers’ diaries and the Pa11y inspection tool, which 
revealed several accessibility violations in the GitHub Copilot-suggested code. 

It is important to note that the contrast violation occurred while both researchers 
1 and 2 were coding, as observed in phase 1. Furthermore, both researchers 
attempted to improve the code with different prompts, but neither was able to 
resolve the issue with Copilot’s assistance. This situation suggests that more specifc 
problems, such as those related to design skills, are not easily and quickly solved 
with Copilot’s support. It also highlights the importance of software developers’ 
awareness of accessibility guidelines and patterns [Freire et al. 2007, Freire et al. 2008, 
Antonelli et al. 2018, Leite et al. 2021]. Since Phase 1, it has been considered a 
simulation of real software development behavior, aided by Copilot, which has become 
increasingly integrated into developers’ practices. When Copilot was used in practice, 
it became apparent that it does not effectively help developers gain experience in the 
sociotechnical aspects of building inclusive software, particularly for beginners or those 
unfamiliar with best practices for software accessibility. 
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Copilot should be used as a tool that supports the programmer; therefore, 
it is important to adopt a human perspective on the assistant’s suggested code, 
as humans possess the ultimate knowledge and critical ability to evaluate the 
suggestions [Ernst e Bavota 2022]. In the context of accessibility, we contend that human-
AI collaboration is more crucial than the replacement of humans by AI-based tools. 
Through our experiences, it was observed that developers need to refne their prompts to 
ensure they provide source code that adheres to accessibility best practices. Therefore, it is 
important to evaluate the potential role that prompt literacy and AI-assisted development 
training may play in achieving better results when creating accessible applications with 
Copilot-like tools. 

Human-AI interaction is a critical area of study for software engineering and HCI 
researchers, as LLMs are becoming a standard tool in software development. These 
models can support and adapt to various scenarios across the software development 
process and team functions, such as back-end development and testing, by enabling 
effective interaction, code generation, assistance, and optimization [Hamza et al. 2024]. 
Given that programming knowledge, accessibility design, and prompt engineering are 
inherently complex human activities, it is unsurprising that researchers adopted different 
ways of interacting with GitHub Copilot to create an accessible web application. 
For instance, researcher 1 used multiple prompts to address an accessibility violation 
(subsection 2.1 of researcher 1’s diary [Teran et al. 2025a]), where he had to “negotiate" 
with the intelligent assistant by increasingly adding more information to the prompts. In 
contrast, researcher 2 sometimes achieved similar results from GitHub Copilot with a 
single prompt (subsection of researcher 2’s diary [Teran et al. 2025b]). 

Non-determinism affected GitHub Copilot’s suggestions for code accessibility, 
despite it being set to temperature 0. This concept was highlighted by researcher 2, 
who needed to run the same prompt multiple times to improve the code, ensuring it 
addressed the accessibility violations of the web application. This behavior reinforces 
previous argument that while an LLM can suggest a set of outputs from a specifc 
prompt, developers must have the proper knowledge to decide which, if any, one to 
accept [Ouyang et al. 2023]. 

The combination of Pa11y and Copilot generated interesting accessibility 
solutions. Both tools supported researchers in resolving accessibility issues in the source 
code they developed. Researcher 1 used the violation messages provided by Pa11y to 
improve his code. Meanwhile, researcher 2 interpreted the violation messages presented 
by Pa11y to create the prompts for Copilot or to describe the debugging task to fx 
accessibility issues. Both researchers used data from violation messages from the Pa11y 
inspection report as input to address the accessibility violations. As we will discuss in our 
lessons learned (Section 5.1), combining an automatic accessibility inspection tool with 
Copilot might be useful for developers interested in creating inclusive web applications. 

It is important to emphasize that not all accessibility principles are testable by 
inspection tools or can be fully addressed with the sole support of an intelligent assistant. 
As we presented, during the empirical study, Copilot did not always provide suggestions 
that adhered to accessible design, as in the case of solving contrast problems for the 
menu, present in all pages of the application (Table 4 - success criteria 1.4.3) presented 
in Subsection 4.3. As demonstrated in Subsection 4.1, the contrast of the “About” menu 
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adhered to the project’s design pattern and best practices for interface design. Certain 
accessibility features cannot be evaluated using automated accessibility inspection tools. 
These include live subtitles (success criterion 1.2.4), pre-recorded audio description 
(success criterion 1.2.5), and sign language (success criterion 1.2.6). Therefore, further 
research is needed to assess and enhance LLM4 code tools, such as Copilot, to improve 
their ability to support the development of accessible software applications. 

The lack of support in code generation adherent to accessibility guidelines 
corroborates the seminal study conducted by Bender et al. [Bender et al. 2021], which 
indicates that the LLMs used by intelligent coding assistants are trained in hegemonic 
data. Thus, lack of representation of social diversity in LLMs can lead to exclusions 
within the population. As a result, the lack of diversity in the data used to train LLMs 
refects social biases in the code suggested by these tools [Liu et al. 2023] that affect the 
generation of accessible software applications for various people, such as people with 
disabilities. Future research should address these aspects to promote a more just and 
egalitarian society. 

5.1. Using GitHub Copilot for Accessibility 

Based on our results, we present four lessons learned for using GitHub Copilot to assist 
the development of accessible software applications: 

• Lesson 1: Automatic accessibility inspection tools, such as Pa11y, combined 
with intelligent assistants, such as GitHub Copilot, can help evaluate and correct 
accessibility problems. Evidence 1: In the second phase of our empirical 
study, GitHub Copilot received information from the Pa11y tool and assisted 
the developers in evaluating and correcting the accessibility issues of the web 
application; 

• Lesson 2: The elimination of accessibility violations is achieved through 
the implementation of a prompt that specifes the necessary modifcations 
in conjunction with the problem description. A suggested input command 
is: Refactor the code to fx the accessibility problem “<accessibility error 
description>”. Evidence 2: Researchers 1 and 2 used the description of the 
accessibility error from the Pa11y report. To do this, researcher 1 developed a 
small standardized request for accessible code, stating what he wanted to do and 
what the problem was that GitHub Copilot should fx; 

• Lesson 3: If applying lesson 2 is not enough, the developer should either select 
the location of the problem using a mouse or keyboard, or indicate the location 
of the accessibility violation in the prompt. Evidence 3: researcher 2 indicated 
the location of the accessibility problem so that Copilot could solve it: “resolve 
Iframe element requires a non-empty title attribute that identifes the frame”; 

• Lesson 4: Understanding how to implement and evaluate accessibility in web 
applications was essential for attempting GitHub Copilot’s support and defning 
strategies to address accessibility barriers that hindered the WAG conformance. 
Evidence 4: When observing researchers 1 and 2’s diaries, we noticed that 
the minimum contrast level was not implemented even after the debugging with 
Copilot support. In this sense, the researchers’ knowledge of accessible design 
and software development was necessary to make the necessary adjustments. 
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Our results highlight the opportunities and challenges in implementing and 
evaluating the accessibility of an application built using GitHub Copilot and automatic 
accessibility inspection tools. We hope our results generate technical and conceptual 
refections on using GitHub Copilot and its infuence on software quality, developer 
productivity, and the digital inclusion of diverse people. Finally, it is worth noting that this 
study was directed at GitHub Copilot. Changes to the model or the use of other intelligent 
assistants may impact the results, discussion, and lessons learned. 

6. Final Remarks 
This article presents an empirical study conducted using GitHub Copilot to assess its 
support in developing and evaluating accessible software applications. The study was 
divided into two main phases: (i) Coding, where the web application was developed with 
GitHub Copilot and automatically inspected using the accessibility inspection tool Pa11y; 
and (ii) Debugging, in which the accessibility errors were fxed with the support of GitHub 
Copilot and reports from Pa11y. 

Our fndings indicate that GitHub Copilot did not widely suggest code that 
adhered to WCAG standards during the development of the web application. Although 
it offered alternative text properties for images, it neglected to address other accessibility 
violations that were more critical. During debugging, we observed that the results from 
Pa11y, when combined with Copilot, helped programmers address most, but not all, 
accessibility violations. 

Our involvement encompasses both technical and social aspects. In terms of 
technical aspects, the results underscore the need for advances in Copilot and Pa11y 
to assist programmers in producing accessible software that is both higher-quality and 
accessible, while also reducing cognitive load. Our lesson learned for using Copilot, 
presented in the Section 5.1, corroborates this assertion. In addition, as a social 
contribution, we highlight the importance of code suggestions that prioritize accessibility 
to promote digital inclusion for diverse individuals. In other words, Copilot has the 
potential to make web applications more accessible, as it is used by more than 1 million 
developers [Cui et al. 2024]. However, it is necessary to recognize that not all code 
suggestions from this intelligent assistant can incorporate the accessible features. In 
an effort to satisfy this interaction quality criterion, developers must be aware of digital 
accessibility and the ability to analyze their codes [Alshayban et al. 2020]. 

Finally, we emphasize that our research is consistent with the actions proposed by 
the grand challenges of HCI research agenda in Brazil [Duarte et al. 2024]. Specifcally, 
concerning immediate action, our experience of use corroborates the understanding of AI 
assistance in the development of accessible software, which is in AI compliance with 
international standards for digital inclusion (WCAG), and the (non-)help provided to 
software development professionals. Consequently, our fndings and the lessons we have 
acquired are intended to facilitate the discussion and exchange of refections on the use of 
AI from the perspective of its transparency, visions, and challenges for social diversity. 

6.1. Limitations 

The purpose of this study was to understand the support provided by GitHub Copilot 
in developing accessible software. In this context, the web application was developed 
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to collect evidence on the accessibility of the interface built using Copilot’s suggested 
code. However, considering that the web application developed has a medium level of 
complexity and only fve sections of pages for interaction, it would be helpful to conduct 
additional case studies while developing more complex interactive systems to assess the 
infuence of the intelligent assistant on the accessibility of the resources developed. These 
systems could even employ user interface pages and features that were not present in 
our web application. In summary, one of the work’s limitations is the application’s easy 
to medium complexity. Consequently, the accuracy of the results can be signifcantly 
enhanced by increasing the quantity of data obtained, including prompts, generated 
codes, and suggestions provided by GitHub Copilot. In addition, performing multiple 
case studies [Runeson e Höst 2009] with diverse scenarios and developers is necessary to 
further understand how GitHub Copilot supports accessibility. 

An additional limitation of this investigation was the small number of developers 
who used GitHub Copilot, specifcally two in our instance: researcher 1 and researcher 
2. Increasing the number of developers in the research may improve the data gathered 
regarding the code’s accessibility, as recommended by Copilot. Additionally, the 
developers are also authors of this paper, which may have contributed to biases. However, 
it is worth noting that one of the researchers is a professional software developer, 
while the other has years of industry experience as a developer. It was not possible 
to analyze the impact that the developer’s experience with GitHub Copilot and prompt 
engineering would have on the results; therefore, this could be explored in further 
research. Furthermore, their empirical studies underscore the necessity of examining 
this quality criterion and, consequently, the defnition of techniques that corroborate the 
construction of accessible software assisted by intelligent assistants. 

Pa11y did not present accessibility compliance data, it only reports lack of 
compliance. We also did not inspect the code to identify additional situations that met 
the WCAG success criteria, in addition to the alternative text and contrast observed in the 
researcher’s diaries during the coding phase (phase 1). Therefore, Copilot might provide 
more accessibility support than what we reported. The reader must consider that Pally 
reports identifed numerous accessibility violations in the code generated with Copilot’s 
recommendations (Table 4). In any case, we argue that we provide initial evidence 
about the accessibility support provided by GitHub Copilot, especially in the context of 
accessibility features that required debugging or were not supported at all. 

Finally, our fndings may not apply to other coding assistants beyond GitHub 
Copilot, due to the unique characteristics of each tool. These differences stem from 
variations in the underlying large language models (LLMs) used by these tools, as well as 
their training parameters, the volume and sources of training data, and the ease of access 
for users. Consequently, this limits the generalizability of our results. 

6.2. Future Work 

We plan to validate the web application with people with disabilities to determine whether 
the code debugging has promoted the accessibility we expected, documenting these 
results and any remaining violations. This approach also enables triangulation of results 
among automatic inspection tools, developers’ experiences, and interaction by individuals 
who rely on accessibility features. Specifcally, a new study will be conducted using 
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a different intelligent coding assistant to expand the breadth of the data obtained and, 
more importantly, to investigate whether the problem of code generation that adheres to 
accessibility is a recurring issue among other intelligent assistants. We plan to utilize a 
code assistant that enables developers to incorporate additional context, domain-specifc 
knowledge, or ensembles of various models to enhance its LLM’s ability to handle 
ambiguity and generate accurate code [Hou et al. 2024]. To achieve this objective, we 
plan to utilize Retrieval-Augmented Generation (RAG). This methodology integrates 
information from external databases to generate outcomes that satisfy user inquiries 
that are not accommodated by the LLM database [Gao et al. 2023]. Therefore, in a 
further study, we will develop a curated dataset containing code techniques supported 
by WCAG to observe whether this new knowledge successfully empowers the assistant 
to generate coding suggestions that allow developers to implement accessible resources 
in a preventive manner. Our ultimate goal is to utilize RAG to mitigate some inherent 
biases [Bender et al. 2021] in LLMs’ assistance in building accessible applications. 

6.3. Ethical Aspects and Researcher’s Positionality 
This research was based on the researchers’ professional experience, and, according to 
CNS Resolution 510/2016, it does not require approval by an ethics committee. Next, 
we highlight our social, cultural, and academic background that motivated and drove our 
perspective in this research. 

About the two researchers and co-authors who developed the web application 
(researcher 1 and researcher 2): Researcher 1 is an autistic person and a Ph.D. candidate 
in computer science. He has been working in software development since 2015 and 
has a 4 years of experience as a full-stack and front-end developer in the industry. 
His research focuses on Human-Computer Interaction (HCI), specifcally on digital 
accessibility and he expects accessibility to be increasingly incorporated into software 
development projects. Researcher 2 holds a degree in Information Systems and works 
as the technical leader at a large software company. With over 13 years of experience in 
programming, he interacts daily with quality analysts, including some individuals with 
disabilities. He supports junior developers entering programming careers and believes 
that utilizing LLM-based tools, such as GitHub Copilot, can ease this process. 

The remaining authors are also involved in research projects and professional 
experiences engaged with people with disabilities. We are motivated and positioned 
by social inclusion and the right to access [Bardzell e Bardzell 2011, Erete et al. 2018, 
Keyes et al. 2020, Liang et al. 2021], specifcally to digital technologies. Based on 
our social experiences and technical skills, we hope to shorten the challenges in 
creating accessible software applications mediated by GitHub Copilot, and similar tools, 
promoting the inclusion of all potential users. 
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