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Abstract. Introduction: Large Language Models (LLMs) are being proposed
as a solution to be applied in multiple workflows, but they lack proper user
guidance and Responsible Al awareness in prompting-time, i.e., before sending
a given prompt to an LLM. Objective: In this context, this research proposes
a way to provide user guidance and Responsible Al awareness while people
interact with LLMs in a multi-turn fashion. Methodology or Steps: In our
tool, users receive Responsible Al suggestions while writing prompts in multi-
turn conversations with LLMs. Results: We expect this work motivates more
prompting recommender systems aiming at speeding up prompting tasks, users’
agency, transparency, and promoting Responsible Al in prompting-time.
Keywords Responsible Al Artificial Intelligence, Social Values.

Resumo. Introdugdo: Large Language Models (LLMs) estdo sendo propostos
como solugdo para muiiltiplos fluxos de trabalho, mas eles comumente ndo
contam com orientagdo adequada a usudrios e nem fornecem informagoes
sobre IA Responsdvel no momento da criacdo de prompts. Objetivo: Nesse
contexto, esta pesquisa propée uma forma de orientar e conscientizar pessoas
sobre IA Responsdvel enquanto interagem com LLMs em muiltiplos turnos.
Metodologia ou Etapas: Em nossa ferramenta, usudrios recebem sugestoes de
IA Responsdvel enquanto escrevem prompts para LLMs. Resultados: Espera-
se que este trabalho motive mais sistemas de recomendagdo de prompting para
promover IA Responsdvel no momento da criagdo dos prompts.
Palavras-Chave IA Responsdvel, Inteligéncia Artificial, Valores Sociais.

1. Introduction

Over the last decade, Responsible Innovation initiatives have highlighted the importance
and necessity of proactively and systematically considering harms and benefits across
multiple technologies. However, the importance of responsible artificial intelligence (AI)
specifically has emerged as a ‘must have’ due to recent advances in Generative Al (GenAl)
and associated Large Language Models (LLMs). In this context, ‘Responsible A’ (RAI)
can likewise be seen as an umbrella term for initiatives that work to ensure appropriate
business and societal choices when adopting, building, and deploying Al, encompassing
research, responsibilities, and practices that create positive, accountable, and ethical Al
development and operation [Perri 2023]].
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Because of GenAI’s stochasticity and variability [Weisz et al. 2023|] and the
multiple and inherent difficulties of prompting well (e.g., efficiently and sufficiently)
[Zamfirescu-Pereira et al. 2023, Prompt Engineering has emerged as a new and
dedicated activity, role, and interaction modality. Prompt Engineering (aka prompting)
can be defined as “the process of communicating effectively with an Al to achieve
desired results” [Learning Prompting 2023|]. Since GenAl may lead to a variety of
well-documented harms - including but not limited to erasing or obfuscating social
terms or issues, stereotyping or misrepresenting people, and/or negatively impacting
people’s agency and well-being [Blodgett et al. 2022 - there is a need to combine existing
RAI towards prompting as a specific and vital practice in this space. In this context,
Responsible Prompting was defined as the process of communicating effectively with
an Al system to achieve desired results while avoiding or minimizing harms, promoting
responsible practices, and employing mechanisms for anticipation, reflexivity, inclusion,
and responsiveness [Santana et al. 2025]. Hence, this work contributes to the field
of Human-Computer Interaction (HCI) by showing how responsible prompting can be
employed in multi-turn interactions, in a lightweight and LLM-agnostic way.

2. Related Work

Prompting is a relatively new way of interacting with Al, considered by some
professionals to even be an ‘artform’ [Bhatti 2023, Chang et al. 2023| [Beauchemin 2023]]
due to the ways in which users must creatively navigate GenAI’s inconsistent and
imperfect outputs [Weisz et al. 2023]]. As with any emerging technology being quickly
adopted at a global scale, it is quite difficult to properly measure and track GenAlI’s
societal impacts. Prompts and their results (model outcomes) are being sold as
data assets in and of themselves in various marketplaces (e.g., Promptbaseﬂ Etsyﬂ),
prompt templates are being shared openly, freely, and at-scale in certain communities
[Chang et al. 2023]], and datasets of prompts such as Awesome ChatGPT Promptf] and
AttaQ [Kour et al. 2023]] have been open-sourced for people to test and assess various
LLMs. However, there are currently no standards for assessing the quality of these
prompts or many of their outcomes [Maia Polo et al. 2024, and the plurality of prompting
resources neither necessitates nor guarantees that users will learn how to intentionally
prompt GenAl responsibly.

Regarding prompting specifically, online references [Learning Prompting 2023,
Melanson e Maman 2023, Simonovsky 2023, |Sarikas 2023] and books [Gallery 2022,
Diab et al. 2022]] provide initial recommendations about how to better obtain desired
model results, such as the 3 principles format (be specific, provide context, and iterate
& improve), the RGC Style (Role, Result, Goal, Context, Constraint), the CLEAR
framework (conciseness, logic, explicitness, adaptability, and reflectiveness) [Lo 2023],
or the “anatomy of prompts’ [Santana 2024]]. Practices, guardrails, and defensive tactics
are also actively being developed to identify and prevent for adversarial prompting attacks
[Balas et al. 2024]).

In this vein, multiple tools are also being proposed or created to
guide users through prompting considerations. Existing approaches include:

'"https://promptbase.com/
https://www.etsy.com/
Shttps://github.com/f/awesome-chatgpt-prompts
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integrated development environments (IDEs) for prompting [Fiannaca et al. 2023],
prompt editing tools [Wang etal. 2023], tools for supporting test-driven
prompt engineering [Beauchemin 2023]], tools that leverage LLMs to generate
synthetic prompts [Zhou et al. 2022]], tools for helping users on prompt template
chaining [Arawjo et al. 2024, |Anthropic 2024], tools to support programmers
to work collaboratively when generating prompts for coding assistance
[Feng et al. 2024, |[Cohere 2024]], tools for supporting users in communicating intentions
to a text-to-image model [Brade et al. 2023], and systems and methods for visually
exploring prompting elements based on generated content, including domain knowledge
terms [TensorFlow 2023, Promptomania 2023, Saxifrage 2023|, |Character.Al 2024,
PicFinder 2023]], knowledge graph [Jiang et al. 2023, and associated embedding spaces
[Rost e Andreasson 2023, [Brade et al. 2023]]. While the tools listed here have different
degrees of prompt automation, there are gaps present, particularly when considering the
power and potential of prompting as both an interface and action to enhance RAI through
awareness and daily practice.

3. Multi-Turn Responsible Prompting Recommendation

The responsible prompting recommender system was designed to be an LLM-agnostic
tool used in prompting-time, i.e., before the prompt is actually sent to the GenAl, while the
user is writing the prompt. Any lightweight sentence transformer providing an endpoint
for sentence embeddings can be used for this solution (e.g., all-minilm-16-v2). Moreover,
the prompt then can be sent to any LLM, for instance, mistral-7b-instruct, llama-4-scout,
etc. (Figure|[I)).

Create a python code to predict churn. (UEEET e e R EWE e el ER TR E P PR R EIEN

9% +measurability +money +progress  +reliability ~+appropriate <

Figura 1. Value-based prompt recommendation for a given input prompt.
Values recommended (light green) include measurability, money, progress,
reliability, and appropriate. The latter was selected and respective
sentence was added to the prompt (dark green).

The recommendations are based on a dataset of human-curated sentences residing
in a JSON file. The current dataset of human-curated sentences consists of +2500
sentences, including ‘positive’ sentences aiming at adding beneficial social values to a
user’s prompts, as well as ‘negative’ adversarial sentences used as references to prevent
harmful prompts to be sent to the model. The JSON file was structured as follows: (1)
into two blocks of sentences (positive and negative) to prevent sentences with similar
semantics but opposing valence to be clustered together; (2) into clusters of sentences
based on the associated positive/negative values. Clusters were created to allow the
similarity search to be performed in two steps: first through the clusters’ centroids, and
then for the most similar sentence in the cluster. The tool resulting from this research is
being open-sourcecﬂ so the HCI community can benefit and contribute to project’s code

4https://github.com/IBM/responsible-prompting—api
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base, sentences, and values, making room for more pluralistic social values and up-to-date
adversarial sentences.

The goal of the proposed recommender system is to suggest sentences to be
added or removed from an input prompt, acting as a user guidance for how to embed
social values within prompts while preventing known harms. From any given input
text, the algorithm splits the prompt into sentences and employ a similarity search for
finding relevant prompt sentences to recommend and input sentences to remove (Figure
). Finally, by employing the responsible prompting recommendation in multi-turn
conversations, we aim at embedding Responsible Al while people interact with LLMs,
before content is actually generated (Figure [3).

Responsible Prompting is a tool that aims at supporting users in crafting
prompts that embed responsible values and help avoid harmful
prompts, in prompting-time.

Responsible Prompting

Model: _ Mistral 78 Instruct v0.3 v

money
. Whprcpain

Figura 2. Explainability feature showing the role that embeddings’ similarities
play in the recommendations. Each node represents embeddings for
sentences entered (S1, S2, etc.) and recommendations (progress,
reliability, measurability, etc.).

. . Responsible Prompting is a tool that aims at supporting users in crafting
Responsible Prompting

prompts that embed responsible values and help avoid harmful

prompts, in prompting-time.
Model: _Mistral 78 Instruct v0.3 v

Create a python code to predict churn. Use appropriate statistical methods for
analyzing the data.

First, let' ouhave a le named churn_data. csv with the
nthly_charges,
total_charges, churn

Figura 3. Outcome provided by the selected LLM (mistral-7b-instruct) taking into
consideration the input prompt and the selected recommendation.

4. Discussion

This research contributes with a lightweight LLM-agnostic approach to provide
recommendations of good practices and prevention of harmful ones, in prompting time.
The proposed recommender system differs from the tools detailed in the related work
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section in the following key aspects: it does not require any effort from the user, given
that the templates for responsible prompting are chained automatically based on the
users’ input (in real-time); given that the recommendation is automatic, our Ul is more
focused on visual cues for highlighting sentences to be added or removed; the system
provides automatic recommendations to increase prompt orientation towards critical RAI
considerations among professionals; it not only suggests additions to prompts but also
recommends the removal of sentences that may trigger harmful responses from the model;
our system follows a lightweight approach instead of training a model from scratch;
and our tool does not change the users’ input without their consent. This practice has
multiple benefits. It not only supports more responsible prompts, but enables the user to
reflect on the prompts being written in a dynamic way, making critical thinking part of
human-AlI interaction. By improving the process of prompting, there is a downstream
effect in which the model might become more responsible, once it is retrained with the
input information, i.e., the data in the pretrained model will eventually encompass more
responsible values, which will also make the model’s output more responsible through
time. Therefore, benefiting the development of responsible models and the community
around it.

5. Ethical Concerns

For this demo, we did not conduct studies involving human participants. This project is
open-sourced and more information about contributions, contributors, license, and code
of conduct can be found on project’s repositoryﬂ
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