As we do not have much space, we first answer general questions raised by two or more reviewers and then some specific issues.

1) Problem too narrow and solutions too specific to sport social networks.

Although we focused in one domain, the problem (i.e., ranking of network nodes) and solution (i.e., time decaying edge weights coupled with PageRank) has a fairly broad context. Ranking is a fundamental problem of many networks. Our solution is based on temporal events between nodes that are characterized by some type of advantage of one node over the other. The events can be any type of dispute or conflict of interest between pairs of nodes that, when resolved, gives advantage to one of the nodes. Alternatively, the conflicts could represent win-win situations where both nodes receive (non-equal) benefits. Other examples would be law firms (nodes) and judicial disputes (edges with time-decaying weights) or scientific collaboration between paper co-authors (edges with time-decaying weights). We have included these comments in the conclusions.
2) Comparison with T-Rank 

There are significant conceptual differences between our approach and T-Rank and similar methods. They work on the algorithmic level and their solutions are hard-coded. We, otherwise, work on the data engineering level, modifying certain aspects of the data representation. Thus, we are potentially much more flexible and adaptable to different domains and applications, by modifying the parameterization via alpha, or changing the type of decaying function.

We included this argument in the related work and more thorough comparisons with other methods as future work.

3) Issues related to the alpha parameter.

We in fact do not provide an out-of-the-box way to choose the alpha parameter. However, we think that may there not be a single best alpha for all cases, it depends on how much of the past we want to carry to the predictions of the ranks. This depends ultimately in the current rules of the competition. In this sense, this may be thought as a flexibility of the method, since rules may change (in fact, depending on the sport, a lot!). Also, we have seen in some cases (e.g., MMA) that the best values of alpha are in a short range, with at most three best possible values to look for.

In any case, we are working on ways to improve this aspect, which we consider an important future work.

Response to reviewer#1’s comment regarding problems with the MMA data and gold standard: We do not consider that the MMA data had problems; we only mentioned peculiar aspects of this sport that guided our experiments.  Regarding the gold standard, it is an aggregation of 25 rankings with credibility among the participants of the sport, so we think it is trustable. 
Response to reviewer#3’s regarding the decaying function:  We tested with other functions, and none produced better results. The reason is that, in this type of network, recent events are the most important to determine the best athletes in a certain point in time. For other applications this may change. 
